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Abstract: Fine-scale simulation in which the parcelis the basic spatial unit and urban activity baslyhe simulationobject is an
importantresearctdirection forthe urban modeng in the future andthe arrival of big data era also providanimportantdevelopment
opportunityfor it. In the paperthe mainstream modelingiethod for fine-scaleurbanmodelingareintroducedmainly, including cellular
automata (CA)agentbasedmodelng(ABM) and traditionalMicrosimulation(MSM) ,all of which aremicroscopic simulatiofirom the
bottom up. Then according withthe highstandarddata requirements for thdine-scale urban modeing, the papersums up the
internationally acceptable methods foefine-scalesimulation data synthesfpopulation synthesispndalsogivesa number opractical
case aboutthe fine-scale urbarmodelingin recent yearsFinally, the paperputs forward the framework and key technolggbased on
GIS platform and combined with CA / ABM / MSM methdd, constructfine-scale urban modglg, to support the development and
assessment apdial policy inthe metropolianarea
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